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1 Introduction

Income inequality levels in India are higher than OECD average levels, but (like in China)
still lower than in other emerging countries such as Brazil or South Africa (Arnal and Forster,
2010). Despite the declining trend in poverty, inequality hasohaeastime (Chauhan

et al., 2016), partly because of the growth of the tertiary sector, with a high duality between
very smalsized and very large firms (Mazunder, ZDAi8)shift in employmentight have
contributed to increasing earnings inequmdigusenostof industry and service jobs pay

more than agricultural casual labor even after accounting for levels of education and other
individual characteristi(Rama et al., 2015The importance oflemographidactors
especiallgaste and religipto determine earnings inequality in Ind&sisa welkknown

fact (e.g. Bhaumik and Chakrabarty, 2006)le dfferent research has highlighted the
importance of geographidiparitiesGrowinginequalityvas associated with the increase
observed innban areasaising aoncern about the accentuation of regional imbalances,
with the benefits of growth concentrated in the already richer states, leaving the poorest and
most populous states further behind (Arnal and Forster, 2010). High growtlrichies in

states have led to a boom in commercial and service sector activities, while in most of the
poorest states agriculture is still predominant. Regional disparities in poverty increased in the
1990s, with the southern and western regions doing mtexhttet the northern and

eastern regions (Deaton and Dreze, 2002). Balwa®st inequality washown to bea
substantial proportiasf total inequality, to a large exteqlainedby betweeistate income
differences in rural India (Azam and BB@f,6). Withirstate inequalities, however, still
explain most of the overall level of inequality its trendEconomic inequaliipncreased

within states, especially within urban area$yeaween urban and rural areas, and tend to

be higher in developeegiors (Deaton and Dreze, 2Q@hauhan et al., 2016)

In this context, the aim of the paper is precisely to identify the main sources of the variability
in withinstate earnings inequality in India. The methodology is based on the use of the
Recenterethfluence FunctiofY ‘Q’ar different inequality measures. Using regressions of
these functions on worker characteristics, we first estimate the marginal contribution of each
characteristic on a given inequality index in India and in a selettteomadt populous
statesThen, we measure the expected change in inequality when either the distribution of
characteristics or the earnings structure of the whole country replaces that ofTthie state.
exercise also serves to illustrate with the cashaofila potential and limitations of the use

of this regressiebased decomposition technique to regional inequality analysis. This
technique has been previously used to decompose interdistributional differences in quantiles
and, to a lower extent, in t@eni index. We ¢lore here its use the analysis of other
inequality indices such as@eneralize&ntropy and Atkinson families to investigate how

the sources of inequality vary depending on the degree of inequality aversion.

In what followsSections 2 and 3 gent the methodology and d&ection foudiscusss
inequality in Indian states. Sections five and six discussutte of thecorresponding
regressions an@écbmpositions. Theoncluding sectissummarizes the results.

2 Methodology: Decomposing the gap in inequality using the Recentered
Influence Function

The aim of this section is to show how to obtain a decomposition of the gap in earnings
inequality between each target state ancerthiee country taken as the refern
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distribution One element of the decomposition is the part explained by differences in
characteristics (compositional effect). The remaining unexplained part is the differential that
is driven by diverging earnings structures (earnings effect)., kg tisst the generalization

of the Blinder (1973)axaca (1973) approach proposed by Firpo, Fortin, and Lemieux
(2007, 2009)The simplest version of this method applies the conventional-Blandera
decomposition to thH¥ "OdDthe target statistietween two distributions, using a regression

of individual val ues of t hatO®jushameasara on W
of the influence of each particular earnings on the target statistic (i.e. an inequality index in
our caseNotewathy, theY 'O@]Ois a noAmonotonic transformation of earnirgsn

which extremely high/low values will have a disproportionally large influence in the
inequality inde®with an intensity that depends on the particular sensitivity of thabindex
values at each part of the distributiims is discussed in detailed in AppendiX 2
conventional Blindedaxaca decomposition is #peciatase in which the statistic is the

mean of (log earnings.

The approach has been extensively usddrstor the decomposition of the inter
distributional gap in earnings (or income) quantiles, but has also a large potential in
decomposing the difference between inequality indices. We are aware only of
decompositions applied to the Gini index thoughReaghetti, Massari, and Naticchioni,

2014; Ferreira, Firpo, and Messina, 2014; Firpo, Fortin, and Lemieux, 2007; Fortin, Lemieux
and Firpo, 2011b; Gradin, 2016; Groisman, 2014), none of them in regional analysis.

Let us assumihat the conditional expetiten of Y 'O@]O is a linear function of the
explanatory variables, given by majriguch that the -coefficients can be estimated by
oLS:

OYOWom Gxe. (1)
Then, by the law of iterative expectations:
Cw OYOWO O OYOWow O ® %e. (2)

EacH coefficient reflects thmarginal impact on the index of a small change in the average
value of the corresponding characteristic. This takes into account the distributional pattern
of what levels of earnings are affected byofte change in the characteristic.

Based on(2) it is possible to decompose the inequality index linearly into the total
contribution® of each characteristic (including the interabpt}Q mipresd, on
inequality:

Ow e B o 1 B o . 3)

The total contribution of th€) characteristic is the product of its average \gluar(d
the marginal impact of this characteristic on overall ineduality'tjus, from(3), the
differential in inequality between the reference and target distributions (with superscripts 0

! See Brtin, Lemieux, and Firpo (2011a) for a detailed discussion of the approach in the context of other
alternatives in the literature.
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and 1) can be expressed as the stine dbtal contributions of characteristdbgl ( hQ
T8 h)):

0 0 O o B o 1 1 B o o . @

However, we usually want to break the total contribution into the impact of differences in
average characteristics and that of differences in coefficients. One way to do that is by
constructing a counterfactual that combihesaverage characteristics of one distribution

with the coefficients of anoth&e can havat leastwo alternative counterfactuals with
different interpretations.

Let us consider the case in whichcarmbine the Indian conditional earnings structure
(coefficients) and each staterageharacteristicsith inequalitygiven byO & f

This can me interpreted @ithergiving Indian conditional earnings structure totdéinget
state while keepingts own characteristicer, equivalentlygiving India the average
characteristics the state, while keeping its own coefficients

Alternatively, we can considembining Indiacharacteristi@nd stateoefficientsnstead
‘O @®f . This can be viewed as giving averagindian characteristito the target
state while keepinigs own coefficientsr, equivalentlgivingindia the conditional earnings
structure in the state

By adding and subtracting the inequality levet cotimterfactuand rearranging terms,
we can rewrite thaterdistributional differential in earnings inequalithesum of the
exdained and unexplained effects:

O 0 ® &I ® T T (5
O 0 ® &I w1 T (6)

Theaggregate explainechetigrets the impact of India and the state having different average
characteristicBor that reason, itis also callecttigracteristimsompositional dffisctalued

using the Indian conditional earnings structu(g)jmo ¥ @ ® | ,andeach

date earningstructurein (6), o~ " W ® T .One advantage ¢5) is that the
characteristics effect is evaluated using a common earnings structure foualilstates
characteristieffect in(6). The lattehas thettractiventerpretation of estimating inequality
if the state had the same characteristics as in India. But it also haipbessistate
variation ourmainfocusof interestmay be due to either diaces in characteristics or
differences in coefficientised to evaluate Eor this reason, our main reference will be the
decomposition ifb).

The aggregate unexplainerkefégfest the impact of Indian and the sate having different
conditional earnings structyraad is valued usitige state averaggharacteristias (5),

oY h QO T I, and Indiartharacteristiaa (6), oY h (O i

Thanks to the linearity of the approach, the individual contribution of each sari@able
the characteristics and coefficients effects can be measured as o oT and

o’ " of T I ,Q mip, so that the individual effects sum up the corresponding
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aggregate effects. The sum of the characteristicsffictkoteeffects of each characteristic
also add up to the total contribution of that same characteristic.

As Gradin (2016) discussed, there have been other redpassibaecompositions of

inequality measures in the literature. For example, some approaches have assumed linear
conditiona(log) earningand proposed a decomposition of the total effect cdatieaistics

on inequality using different decomposition rules (associated with different inequality

i ndi ces) . I n this I|ine, Fields (2003) wused
which would apply to other indices of inequality follothimgesults of Shorrocks (1982).
Similarly, Morduch and Sicular (2002) al so
inequality measures, such as the Gini index, to produce similar decompositions. In an
alternative approach, Wan (2002) and Wan &adi £2005) applied the Shapley
decomposition (Shorrocks, 2007). These approaches, however, have not separated the
characteristics and coefficients eff@tiis. is done iYun (2006), following Juhn, Murphy,

and Pierce (199&xtending h e F i e hpgreath intie @a3eof the variance of logs,

an index of inequality that does not entirely verify the most important property (that a small
progressive transfer reduces inequality). In this conteXt, @@ composition is quite

general, valid for alost popular inequality measures (for whicly {RERists). Given the

linearity assumption, it is patkdependent, it is straightforward to compute (including the
standard errors), and invariant to the level of aggregation of explanatory factors.
Furthermore, it can be seen as a generalization of the conventionalOBbadear
decomposition, which is the particular case in which the target statistic is the mean.

The Y 'O'&pproach, shares with most counterfactual analyses some limitations, though.
According to Fortin, Lemieux and Firpo (2011a), aggregate decompositions need to assume
the invariance of the conditional earnings distribution, which requires two main conditions.
One is the simple counterfactual treatment, which implies that there geaera
equilibrium effects. The second one is ignorability, meaning that there is no selection of
individuals based on their unobservables. Detailed decompositions usually require stronger
assumptions, such as linearity in the relationship bewee@f logearnings) and
characteristics, or exogeneity of individual characteristics.

Another important limitation of this and other decompositions is the identification problem
of the detailed coefficients effect (Oaxaca and Ransom, 1999). The defiiedtsoef
effect is not invariant to which dummies are omitted to include categorical variables, and to
what normalization is used for continuous variables. Fortin, Lemieux, and Firpo (2011a)
pointed out that there is no general solution to this problenin@seal proposed in the
literature (such as Gardeazabal and Ugidos, 2004 or Yun, 2005, 2008hacd-alt thcht

reason, we will devote most of the analysis to theedethdracteristics effect, and just
highlightthe most salient detailed coeffitsezifects.

3 Data

We use for our analysis the 2021india Human Development Surile(iHDS-II)
obtained from the Intddniversity Consortium for Political and Social Research at the
University of Michigan. This is a nationally representativetopialtsurvey of 42,152
households, covering 1,503 villages and 971 urban neighborhoods across India. It is
produced by the National Council of Applied Economic Research at New Delhi, and by the
University of Maryland. It mostlyinderviewed between 2011 20d.2 households from
the first survey wave (2008), with an additional replacement sample.
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The sample is made 52,937(unweighted) observations of workers reporting positive
hourly earninggtakehome wage and bonusessh or irkind) and the relevant
characteristics. Tiheainanalysis is done comparing India with a selectidrobthe most
populousstatesvith a significant number of observations to undertake a sound regression
analysisRajasthgnUttar PradeshWest BengalOrissa, ChhattisgathMadhyaPradesh
Gujaraf MaharashtraAndhra PradesiKarnatakaandTamil Nadu Thesestatesnmale up

77% of Indian workerand representhe lastdevelopedareas. @ly Tamil Naduand
Maharashtrhave average earnings above the couwty le

We consider several worker characteristics that might influence her earnings and thus
inequalityWe includd area of residenagripan or rurgbecausamequality increased mostly
in urban areas and between urban and rural @reas.also the potential importance of
demographic factors, we colesigender, age (24 or 185534, 3544, 4554, 55and above
marital statusr(arriedor not) caste (Brahmin, Forward/General castrsept Brahmin

or other Other Backward Cas®3BC-, Scheduled &te9SC, andScheduled Tribes
ST), and religiorfa dummy to identify the Muslim minorififle main determinants of
earnings are attained education (8 categories, from none to sayredpast), as well as
several labor market outaesnsuch aprimary activity statusnd sector(cultivation,
agriculture wage labegnstruction wage labor, other ragriculture wage labsglaried
worker, othey, type of work (regular/permanent/longer conffrasbpposed tasugbbs,
and a dummfor managerial or professional occupations

4 Inequality across Indian states

Geographical inequalities miib are important, but stillost earningsnequalityoccurs
within stats according to the decomposition of several inequality indices sH@ablein
This amounts t86-87®% of total inequalitwith GE(0)and GE(1). These are the only two
additively decomposable indices whose weights for aggregating tgeonjtlkitomponent
add up to one (weights are respectively population and earning3 kbaktignson family,
whose equality ires (the complementary to inequality)naiféplicativey decomposable,
also showmuchhigher inequalityithin states thabetweerstatesregardless of the level
of inequality aversion.

Table 1 Earnings inequality decompositionby states India 2011/12

GE(0) GE() | A5 A1) AQ)
Total 0.316 0.378 | 0.158 0.271 0.433

Within-state 0.270 0328 | 0.139 0.241 0.398
%Total | 85.6% 86.8%

Between-state | 0.046  0.050 | 0.023 0.040 0.058
%Total | 14.4% 13.2% - - -
Source: Own construction using IHDS

Earningsnequality in India exhibits a high variability across atatesnion territories
(Table2). For example, the Gini index ranges between only 0.Bl#gaimo 0.545 in
Mizoram Among the selectedost populoustates, it still varies between 0.3Znuthra
Pradestor 0.337 ilrMadhya Pradesdt the bottom, an@.441 in Maharashtra @443in
Gujaratat the topA first glimpset this variabilitguggests th#&tmight berelated toeme
prevailig characteristics of workemseach statén this line Figure 1 shows the positive
and statistically significant association bettie&ini indexand average earnings across
6



stateq’Y is0.37. States with relativdtygher average earnings alsd terbe those with

higher education or largdegree ofirbanizationamong other thingslowever, the small

number of states does not give us enough degrees of freedom to undertake a complete
regression analysis considering all factors at the samdn&iMeO&pproach used here
howeverpermit identifyinghe role ofseverafactors associated with some states having
higher or lower inequalitythe seleadstatesconsidering the particularities of each. state

Table 2. Hourly earnings by state inIndia 2011/12 mean and inequality

State Mean | Gini A(05) A1) A | GE(1) GE©) GE@l) GE()

Jammu and Kashmir 426 | 0448 | 0.163 0302 0551 | 0613 0.360 0.353 0.493
Himachal Pradesh 304 | 0417 | 0152 0253 0387 | 0315 0292 0371 0712
Punjab 294 | 0421 | 0163 0282 0505| 0510 0331 0397 0.862
Chandigarh 76.1 | 0496 | 0195 0.359 0580 | 0689 0444 0.414 0515
Uttarakhand 279 | 0368 | 0115 0209 0376 | 0301 0234 0260 0.375
Haryana 372 | 038 | 0132 0232 0405| 0341 0264 0309 0.519
Delhi 559 | 0452 | 0.164 0300 0534 | 0572 0356 0359 0.506
Rajasthan 246 | 0419 | 0151 0254 0388 | 0317 0292 0366 0.684
Uttar Pradesh 189 | 0394 | 0137 0237 0391 | 0321 0270 0327 0571
Bihar 169 | 0306 | 0090 0.159 0285 | 0200 0173 0217 0.431
Sikkim 530 | 0490 | 0191 0341 0526 | 0554 0417 0415 0533
Arunachal Pradesh 831 | 0417 | 0153 0312 0559 | 0633 0373 0290 0.286
Nagaland 86.1 | 0532 | 0238 0447 0700 | 1164 0593 0480 0.557
Manipur 588 | 0393 | 0130 0.263 0516 | 0533 0305 0254 0.271
Mizoram 636 | 0545 | 0251 0482 0823 | 2318 0658 0506 0.584
Tripura 319 | 0349 | 0103 0.185 0319 | 0234 0205 0231 0.337
Meghalaya 496 | 0438 | 0.155 0272 0430 | 0377 0317 0352 0532
Assam 336 | 039 | 0136 0231 0377 | 0303 0263 0330 0.706
West Bengal 226 | 0422 | 0162 0268 0411 | 0349 0311 0405 0.801
Jharkhand 228 | 0385 | 0137 0228 0348 | 0267 0258 0335  0.600
Orissa 209 | 0385 | 0136 0223 0329 | 0245 0252 0340 0.660
Chhattisgarh 19.0 | 0402 | 0158 0252 0368 | 0292 0291 0409 0.837
Madhya Pradesh 159 | 0337 | 0109 0.186 0312 | 0227 0206 0268 0.547
Gujarat 233 | 0443 | 0164 0281 0443 | 0397 0329 0394 0.765
Daman and Diu 331 | 0416 | 0150 0251 0370 | 0294 0290 0356 0.554
Dadra and Nagar Haveli 362 | 0415 | 0137 0246 0393 | 0324 0282 0303 0.393
Maharashtra 294 | 0441 | 0156 0276 0.444 | 0400 0323 0357 0.639
Andhra Pradesh 241 | 0331 0100 0174 0296 | 0210 0.191 0244 0.547
Karnataka 237 | 0398 | 0139 0241 0418 | 0359 0275 0344  1.069
Goa 498 | 0383 | 0123 0225 0404 | 0339 0255 0276 0.466
Kerala 467 | 0.328 | 0093 0177 0.343 | 0261 0.194 0203 0.330
Tamil Nadu 339 | 0419 | 0144 0256 0422 | 0364 0295 0330 0522
Pondicherry 460 | 0401 | 0.128 0248 0441 | 0.395 0.286 0.257 0.276
India 259 | 0434 | 0158 0271 0433 | 0382 0316 0378 0.726

Source: Own construction using IHDS



Figure 1. Gini and average earnings across Indian states
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The heterogeneity in the composition of the workforce donbas states islsolarge.

Table Al in the Appendirpors the average values of worker characteristics in India and
in the selectestatesTheproportion of workers living in urban arsae5% or less some
states@Qrissa ChhattisgarhUttar Pradesh, Rajasthafadhya Pradesimnd West Bengal

but 40% or above iathers Maharashtra, Gujarat or Tamil Npdbe Indian average is

30% More urbanizedtates alsdend to geerally showhigher proportions of salaried
workers, with college degmeerkingin the norfarm sector, owith a permanent contract.

For examplehe proportion of workers with at least graduate studieherashtrél2%o)

triples the level in Madhya Pradesh (4%g. proportion of workers with permanent or
regular employmerdngedetween onl9% in Karnatka to 3% inMaharashtr&imilarly,

the proportion of managers and professiogaésfrom 4% in Andhra Pradesh to 8% in
Tamil NaduAndhra Pradesisostands out for having half of its workers engaged either in
cultivation or in agrarian wage labop@®sed to only 19% in Rajasthdiaharashtra
stands out for having the largest proportion of salaried workers, 34%, more than twice the
level of Andhra Pradegbhhattisgarbr Madhya Pradesh (around 15Pg proportion of

women varies between 25%Uttar Pradeslor West Bengalto more than 40% in
Chhattisgarbr Andhra PradesRegarding the caste compositWest Bengal is polarized

with near half of workers belonging to SC and ST and more than 40% in forward castes,
while other states likdttar Padesh Andhra Pradesbr Tamil Naduhavehalf of their
workers or more in OBC. The proportion of ST workers varies between less than 1% in
Tamil Nadu to 35% i€@hhattisgarhwhile he proportion oMuslimworkers is around 20%

in WestBengabhndUttar Pradeshbutonlyaround 1% i©OrissaandChhattisgarh

Theobjective of th@ext sections is tanderstand the extent to which these differences in
characteristics explain the variation in level of earnings inequality acrgser states
alternatively theyesult from different conditional earnings distribuiiostead For that

we need to first understand how each worker characteristic helps to shape earnings inequality
in India



5 Factors associated with earnings inequality in India;{ I=-1Regressions

In a first stage we estimate th@®v@lues of each inequality index, as shown in Appendix 2.
Richest percentiles, and to a lower extent also the poorest, contribute disproportionally to
each corresponding inequality indmeTable 4) The contributio of top earnings to
inequality declines with inequality aversion in the case of the Atkinson family (implying
higher sensitivity to inequality in earnings among the poorest). It increases with the GE
parameter, but goes out of proportion with extremes:dhor that reason, we will analyze

Gini and the Atkinson family.

Table 4. The=| I=~v:1:ontribution to inequality indices by decile (average=0.1)

Decile | Gini | A(5) A(1) A(2) | GE(-2) GE(-1) GE(0) GE(1) GE(2)
0.15| 0.20 0.21 0.23| -0.08 -0.04 0.23 0.19 -219.08
0.11| 0.11 0.10 0.08| -0.04 -0.03 0.10 0.12 -21041
0.09| 0.08 0.07 0.05| -0.02 -0.02 0.07 0.10 -203.70
0.08 | 0.07 0.06 0.05| -0.02 -0.01 0.06 0.09 -200.18
0.07 | 0.05 0.04 0.04 0.00 0.01 0.03 0.06 -191.71
0.06 | 0.03 0.03 0.04 0.03 0.03 0.02 0.04 -178.70
0.05| 0.02 0.02 0.04 0.06 0.06 000 0.02 -157.38
0.05| 0.00 0.02 0.05 0.11 0.10 0.00 0.00 -124.76
0.07 | 0.01 0.04 0.09 0.22 0.20 0.08 -0.02 -14.48
0.29| 042 041 0.34 0.73 069 046 0.41 1501.25
Total |1.00| 1.00 1.00 1.00 1.00 1.00 1.00 1.00 1.00
Source: Own construction using IHDS
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In the second stage, we estimate Hi®@gressiongY ‘'O'@l each inequality index
conditional on workecharacteristigs reportedfor India in Table5. The estimated
coefficients show the effect thaharginathange ithe proportion okach characteristic

has on the corresponding inequality measure. They help us to understand the net effect of
severatharacteristics on inequadgteris paribug areduced form without uncovering

the actual transmission mechanisms. They thus identify thdowghgirevalencef

which characteristics are more strongly associatedmitiggnequalityAs a result of the

previous discussiorhase characterigiavith higher prevalence at the extremes of the
earnings distribution, but especially at the top, will have a stronger association with inequality.

Earnings ingualitymeasured by the Gini indssignificantlyassociatesh Indiawith the

location of workers and with some demographic factors such as gender, age or caste, but
more stronglwith education and labor cheteisticsWe can see thaarningsnequality

in India indeedjncreasewith the proportion of workers livimg urban eeasgiven that

growing inequality was an urban matter as consistently pointed out by the Titeisature.
remains even after controlling for worker education or the share of agrariaorksdysr

among other thingsnéqualityalsoincreases with thegportion offemale older (aged 45

or more) and married workemhiledeclines with the proportion of thasgedetween 24

and 34 years o{dompared witlyoungestvorkers)India is a society strongly stratified by
caste, especially regarding the otionph distributionand thusthis is also a factor
associated with earnings inequality. Inequality tends to decline with higher proportions of
nonBrahmin castes, and thus to increase with Brahmin and ST, respectively the mos
advantaged and disadvantaged grdupsich largeincrease in inequality goes along the
proportion of workersvith higher attained edtioa (especially with colledegreeor
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highej. Inequality tends to increase with the proportion of -dkijed jobs
(managers/professionals) and refpdamanent workersr with those out of the farm and
construction sectar

The regressions for the Atkinson fawiflynequalityndicesconfirm most of the above, but
alsoreveala cleadistributional patterrAlthough most associated effects tenchigher
with higherinequality aversion (implying higher sensitivity to the potregtare smaller
as a percentage of the corresponshagualityindex,especiallyn the cases of higtte
education and managers and professiandisating that these aclcteristics are less
relevant when inequality is more sensititheetaottom of the distributiariThee are some
exceptions, though.h& proportion ofworkers with primary or secondagueation
completed, receiving aseplor a wage (out of agriculture and construction seetwtsp
increasenequality in a greater extenth higler inequality aversio&imilarly, digher
proportion ofMuslimsonly increases inequaliy fighestnequality aversion.

These regressions are also run separately for each target state (Table A2 in the Appendix)
The main factors associated with earnings inequality in India can be found in most states,
although wth somerelevanexceptions. For exampéa increase in urbanization does not
significantly increase inequalityighly urbanized states sucGagrat an&arnatakgand
Maharashtra and Tamil Naducept for high inequality aversjdmit also in the much less
urbanized Uttar PradeShmilarlythe proportion of womehas no significant effenttwo

states with relatively more female worf&nsattisgarland Madhya Pradeskxcept for

highest inequality aversion in the former). Howetber states with large female
participationAndhra PradesKarnatakaTamil Nadu, and Rajasthan) show important and
significant gender effecta the same line, the proportion @gular workerfias no
significant effect in the state with the largest prevalence of thisdiipea@¥itravhere it
isassociated with lowequality for low inequality aversion)

Thereis al® greatrossstatevariation in the effexcssciated withvariouscharacteristics

For example, theoefficientfor college educatiof®.208 for Indiayanges from being
statistically nesignificant in Andhra Pradeshp® as large @456 inOrissa two states

with relatively few college gradua@s the other side, the coefficient for managers and
professiods ismuchlargerin the state with thewest prevalence of skilled workénslhra
Pradesh(the coefficient is 0.635, compared WitBO7 in India)The most striking
differenceshowevercan be found in the contribution of the caste distriquaigign that
earnings stratificatioby castedivergesgreatlyacross state®Vhile the workercase
distributionseems to have no significant effect in some states (West Bengal, Madhya
PradeshMaharashtjaand only a moderate effect inthes (Rajasthan, Uttar Pradesh,
Orissa, Gujaratjhe effect is much largeranfew statesharacterized by having a small
proportion of very affluent Brahmin and other forward cabtethese states, higher
proportion of forward castes substantially increasegiality This is the case of
Chhattigarh, whiclalsostands outdr the largest proportion of SAndhra Pradesand

Tamil Naduwith large proportions of SC and OBC, and Karnataka, with a distribution more
similar to the average of the country.

2n these states the average earnings of a Brahmin more than triple the average of a SC worker, while in India
the proportion is of 2:1.
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Table 5. Theq Esegressions, India

Gini A(.5) A1) A(2)

Urban -0.063*** | -0.038*** -0.062*** -0.080***
Female 0.052*** | 0.038*** 0.059*** 0.071***
Aged 25-34 -0.042*** | -0.036*** -0.047*** -0.038***
Aged 35-44 -0.007 -0.015* -0.011 0.008
Aged 45-54 0.078** | 0.046*** 0.079*** 0.107***
Aged 55+ 0.095*** | 0.057*** 0.097*** (0.128***
Married 0.032*** | 0.023*** 0.032*** (0.028***
Forward/General Caste (hon-Brahmin) | -0.029* |-0.019 -0.028* -0.020
Other Backward Caste (OBC) -0.041*** | -0.027** -0.042** -0.037*
Scheduled Caste (SC) -0.046*** | -0.031** -0.045** -0.036*
Scheduled Tribe (ST) 0.016 0.013 0.019 0.033
Muslim 0.003 0.002 0.009 0.037***
1-4 years of education 0.018* |0.012 0.018* 0.019
Primary education 0.016 0.009 0.018*  0.038***
6-9 years of education 0.018** |0.008 0.019**  0.034***
Secondary education 0.029*+ |0.011 0.029**  0.061%***
Higher secondary education 0.059*** | 0.025**  0.056*** 0.096***
Graduate 0.204*** | 0.119*** 0.203*** 0.260***
Some post-graduate 0.470** | 0.324*** 0.486*** 0.527***
Agrarian wage labor 0.019* |0.009 0.016 0.013
Construction wage labor -0.011 -0.014 -0.014 -0.008
Other non-agrarian wage labor 0.026** | 0.009 0.033***  0.096***
Salaried 0.040*** | 0.012 0.042***  0.106***
Housework 0.054*** | 0.030*** 0.055*** 0.079***
Other work type 0.028** |0.019* 0.036**  0.079***
Regular/Permanent/Longer contract | 0.151** |0.086*** 0.154** (.214***
Managerial/Professional occupation | 0.310** |(0.234** (.337*** (.382***
Intercept 0.401*** | 0.145*** (0.239*** (0.384***
q 0.161 |0.096  0.140  0.149

N 52,937 |52,937 52,937 52,937

SourceOwn construction using IHBIB. Omitted categories: metropolitan area, male, unma#igdars
old or youngerBrahmin, nofMuslim none education, work type: cultivation,-megular worker, nen
managerial/professional occupation.

6 Decomposing the earnings inequality gaps betweeselectedstates and India

Mostselectedtates have lower inequality than the country as awitiofndhra Pradesh
andMadhya Pradegtandng out with the largest gaffsgure?). Gini inequalityin these
two statess 24% and 22% lower tha India. Inintermediate levelsgnuality igbout7-
11%lower inOrissa Uttar PradestKarnatakaand ChhattisgarhThese are followed by
RajasthanTamil Nady and West BengaWwith smdkr gaps(3% or lower). Only in
Maharashtra and Gujatae Gini indexis around 2% highethan in India Using the
information from the previous regressidiadles A3-10in the Appendixreport theY '0°0
decomposition of the earnings inequality gap between eachdstatBaarsingthe two
alternative counterfactuals.
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Figure 2. Inequality gaps between India and a selection of stat€&ini)
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SourceOwn construction using IHDIE States ranked frolowest to largest Gini.

The compositional or characteristics eféeetiuated using the Indian coefficients (first
counterfactuals in(5)) explains gubstantial neportionof the Gini gap(about 6670%)
between a festatesttar PradestKarnatakgRajastharand WesBenggland IndiaThe
proportion is smaller in relative terBi% and 23%n the two states with the largest gaps
(Andhra PradesMadhya Pradegtwhere mogif the differentialemaisunexplainedrhe

gap that is explained is also proportionally smabeisse(43%)andChhattisgarkil3%).
The entireinequalitygap remains unexplaingd Tamil Nady where e explained
component is negative, indicatingt the gap would be largethié state had the Indian
earnings structure (brdia had the same characteristicth® statp Regardinghe two
states with inequality higher than India (negative gap)ffémentiais fully explained by
the compositionagffectin Maharashtrebut remains unexplainedGujarat.

These result®r the aggregate decompositwa summarized in FiguBewith thegaps
expressed as percentage of the Indian Gini index to facilitate the comparison across states
The compositional effea@scount for a gap that is equivalent to 7% of the total Indian Gini

in Andhra Pradesl6% inUttar Pradestand 5% itMadhya Prades®rissa, andarnataka

and only 2% iRgasthan and West Bengal

According to the detailed decomposition of the explained(stfecharized in Figuag
labor variablesre the most importarabout5% of the India Giniin Andhra Pradesh, 4%
in Orissa and Karnatalendabout 3% in Madhya Pradesh and Chhattidgg@arlexample,
the muchlower proportion of regul@ermanentworkers explainsear 4o of the Indian
Gini in Karnatakaandaround2% in Andhra PradesirissaandChhattisgarhThe lower
proportion of managers and professionals explains an ad2itiamAhdhra Pradeshnd
around 1.5%mniChhattisgariland Madhya Pradeshower dtainededucation accouwsfor
arother 3% in Madhya Pradestand between-2% in Andhra PradestOrissa Uttar
PradeshKarnatakaChhattisgarhand West Bengal.

The distribution of the population bgste additionallyels to explain the lowdevel of
inequality inTamil Nadyu Andhra Pradeshnd Uttar Pradeslibetween 1:2.1%of the
Indian Gin) due toalarger overrepresentation of OBC andhfSiie expens# Brahmin
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and other forward castes well as SThe impact of thdower degree of urbanization
amounts for 1% of the Indian Gini Orissaand ChhattisgartDifference amongother

demographic variables arevaht inUttar Pradeskassciated with 1.5% lower inequality
altogetherpecause of its higher proportion of younger, male and unmarried.workers

The value of@meaverageharacteristigsrevailing in a few leimequality statesn the

other handare associated with higher inequé#hitxgprevening the gago be everarger.

It is the case dhe castedistribution (with a higher presence of ST and lower of SC and
forward castes) Chhattisgark2.8%)Madhya PradesindOrissa(about 1.5%), or some
demographic factors #indhra Pradeshnd Chhattisgartthigher proportion of women
1.2% and 1.5%espective)yor in Tamil Naduolderageof workers 1.7%.

Regarding the detailed unexplacwdponents (aed using the average characteristics of
each state}he largst effects arethoseassociated with caste, especially in Chhattisgarh,
KarnatakgAndhra Pradeshnd Tamil Nadystatesh which we hawidentified the strongest
relationship between castel inequalityrhat is, it seems that although the castédi&in

only explains a small proportion of the variability in Gini across states, the difzeent

of earningstratificatiorby castén each state (conditional on other characterisiggs
muchmore fundamental role.

With the alternative counterfactuakd in(6), the compositional effect nawflects the
expectedmpact of equalizing each stdtaracteristics with those of India, keejsngwn
conditional earnings structurwever, he fact thathe composition effect is evaluated
with localconditional earnings structaneans thatifferences across stategycome from
two sourcedrom dfferences in the average characteriltiedyefore, bt asofrom how
they are diffentlyevaluateth each state

The results shown rables A7-10 n the Appendixndicatethat the proportion of the gap
that is explaindaly characteristias thealternativeounterfactuasigemrally largent is for
example43% and 53% in th&tates with the largest gaps, Andhra Pradesh and Madhya
Pradesh.e.10% or more of the Indian Gini. It is even higher in relative ter®sssa and
Uttar Pradesi66% and 85%f the gajp while theentire gaps explaineih Karnataka
ChhattisgarhRaasthan, or West Bengahere are less differences in the two states with
inequality above the Indian leVdlislarger explanatory power of the compositional effect
comesfrom generallyarger contributions of the labor variabeen they are evaluated
using the local conditional ags structurein all states. Btiiey also comieom a larger
contribution of the caste compositiorsome statewith different case stratificatifike
Andhra Pradesh, Madhya Pradesh, Karnataka and Chhattisgathe differentlegree

of urbanizationin others (Orissa ChhattisgarthMadhya PradesiTamil Naduy and
Maharasht)aandfrom sex and/or ageompositionn Madhya PradesindChhattisgarh
Noteworthy, the role of attained education tendsdalixtanally larger only in a few cases
(West BengaChhattisgarhor Karnataky but smaller iAndhra Pradesh

13



Figure 3. Y "'O&Qgregate @composition: explained and unexplained gap$Gini)
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Figure 4.°Y "Od@tailed decomposition of the explainedgaps (Gini)
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Finally, wehe analysis of the Atkinstamily of inequality indices reveals whether or not
threeis adistributive patterhe relative gagxplained by characteristersd tobe higher

than with Gini in some statésit declinng with the level ofnequality aversion (e.g. from

37% of the Indian value to 32%Andhra Pradestirom 31 to 28% iMadhya Pradesh

from 13% to 10% iklttar Pradestirom 12% to 3% ikarnatakafrom9% to 3% in Tamil

Nady. This implies that characteristics become less important as we give more weight to
inequality among the poor in these st&@esthe contrarythe compositional effecs
increasing in othestategfrom 14% to 24% i®rissa from @6 to 15% inChhattisgarh

from 5% to 10% ifRajastharor from -3% to 5% inWest Bengal
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The role of the differemharacteristiassing the Atkinson family similato the one they

played using the Gimdex, althougtheirvalues vary according to thgportance of the
totalgap. Labor variables explain arou8&®f Indian inequalitin Andhra Pradesir%

in Orissa an&arnatakaaround 4% inChhattisgarandMadhya PradesAs one could

expect, the role of regularanagerand professionalorkersin shaping inequalitgnds

to be weakdor higher inequality aversion. This is also generally true for other characteristics
like caste or gender, but not for urban areas or eduttaishowlessvariability.

7  Concluding remarks

India is a largand heterogenous countith undeniablsocioeconomidisparitie®cross
regionsEarnings inequaliip Indiaas well as its growing tretadtes placeostlywithin
states howeverNevertheless, equality levelsignificantlyary acrss statesalong their
potential explanatory factors such ad#dgree of urbanizatioeconomic development,
labor force participatipor caste compositipamong other things

In this paper, @first usedY ‘Ofi@gressionsf Gini and Atkinson ineqliy indicesto

identify what characteristics are more strongly associated with earnings inequality in India,
because of their higher prevalence at the estadntee earnings distribution, ceteris
paribus. Then, we used the estimated coefficiengsowmle decompositions of the
inequality gagpbetween most populdueast developed statmsdthe entire countryo
understand why some states have I|garehighey inequality For that,we used a
counterfactual in which either the coefficients or the average characteristics of one
distribution were swap with those of the other.

With this approach,evhave showrhat theseinequalitygaps are strongly associated with
thecompositiorof the workforcen each statdlore specificallyvehave showthatlower
inequality in some statesn beexplained because thayg lagging behind others in the
expansion of regulargh skikdwageor salariedabor ousidethe farm and construction
sectos. Differences in thdegree of urbanizatiafsomatterin some casgseteris paribus,
alongthe compositiomf the workforcdoy some demographic factors such as gesgier
or casteThisrelevancef the shift in employmertdutside the farm sectorlise with the
predictios of the Lewis model and Kuznets™ invertéchypothesis of how inequality
changes during earliest stages of economic development in dual economies.

We have also showlmatthe importance of the compositional eftlgiend on thedegree

of inequality aversion or sensitivity to inequality among thespamrkersbut not ina
systematiwvay. It declines in some states but increases ig atiteisome characteristics,
suchthe proportion of higiskilled regular workers but alsoeastgender decline with
inequality aversioRurthermorepur results show th#te relevance of the compositional
effecttend to bdarger when thegreevaluated using local conditional earnings structures
Indeed, crosstate variability in conditiomarnings structures, especiallgdigeee of caste
stratification,emerges as orfendamentalfactor to associated witthe geographical
variability in inequality levels.
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Appendix I Complementary tables

Table Al. Worker characteristics in India and selected stat@ all workers)

Characteristics India | Rajasthan Uttar West Orissa Chhattisgarh Madhya Gujarat Maharashtra Andhra Karnataka Tamil
Pradesh Bengal Pradesh Pradesh Nadu
Urban 29.7 22.8 21.3 25.3 16.1 17.0 24.3 42.0 40.7 26.3 34.6 45.4
Female 30.7 35.1 25.4 25.8 29.1 43.4 35.7 31.2 31.1 41.2 37.6 35.2
Aged 24 or less 17.9 21.2 21.8 18.4 15.8 18.7 22.9 22.4 18.0 16.1 17.9 10.2
Aged 25-34 253 27.4 25.9 255 23.8 25.8 25.8 24.3 24.8 24.4 26.4 231
Aged 35-44 24.5 20.5 23.7 24.1 25.4 24.0 22.8 23.4 24.4 27.4 25.0 27.2
Aged 45-54 19.1 17.9 16.3 20.9 19.6 19.0 17.8 17.5 20.3 18.8 18.5 21.3
Aged 55+ 13.2 12.8 12.3 11.0 15.4 12.6 10.7 12.3 12.5 13.2 12.2 18.1
Married 73.4 76.7 72.5 72.3 74.9 77.9 74.2 70.3 73.0 76.8 68.6 73.6
Brahmin 3.2 4.6 4.0 4.2 35 2.2 4.5 4.0 17 0.5 1.7 0.8
Forward/General Caste (non-Brahmin) | 17.6 13.0 10.8 39.2 10.1 4.2 9.9 17.9 29.6 10.4 16.1 7.0
Other Backward Caste (OBC) 39.8 43.7 49.5 8.0 37.3 46.1 39.9 44.9 32.6 53.6 46.5 54.0
Scheduled Caste (SC) 28.4 30.9 33.4 41.7 245 12.4 22.8 12.7 234 32.1 23.8 37.4
Scheduled Tribe (ST) 11.0 7.8 2.3 6.8 24.5 35.2 23.0 20.5 12.7 34 11.8 0.9
Muslim 10.7 12.1 18.4 22.5 0.7 1.2 6.5 6.4 6.2 6.7 12.8 2.5
None education 33.1 43.7 37.1 35.4 334 36.0 38.0 26.9 20.4 46.2 33.1 29.1
1-4 years of education 9.5 7.6 7.2 19.2 13.2 12.1 8.8 12.3 11.7 6.3 12.6 7.0
Primary education 8.5 9.5 11.1 7.1 10.1 11.7 11.7 6.0 3.7 8.2 5.8 10.1
6-9 years of education 24.1 22.6 24.4 21.4 26.2 23.5 27.0 31.2 27.3 16.4 25.0 23.0
Secondary education 10.0 5.8 7.4 6.3 7.1 4.9 5.4 10.3 135 12.1 10.6 13.0
Higher secondary education 6.8 3.8 5.8 35 4.1 5.8 51 6.4 11.4 53 6.9 6.6
Graduate 5.1 2.4 4.2 5.2 35 3.2 2.4 3.9 10.1 2.7 3.8 54
Some post-graduate 3.0 4.6 2.8 1.8 2.4 2.6 1.6 3.0 1.8 2.8 2.3 59
Cultivation 111 16.4 11.2 8.6 17.3 22.2 16.9 7.8 12.1 11.6 12.4 3.0
Agrarian wage labor 18.9 2.5 10.5 23.7 135 9.1 10.4 243 28.5 39.6 35.2 22.7
Construction wage labor 13.8 22.0 14.3 13.3 29.2 9.6 14.8 8.2 5.9 9.1 6.1 15.0
Other non-agrarian wage labor 17.2 17.5 26.1 17.5 9.5 11.7 17.2 15.4 8.5 13.5 17.5 25.1
Salaried 23.4 19.8 17.4 20.9 18.4 14.6 15.3 29.3 33.9 14.5 20.7 24.3
Housework 8.7 16.3 12.5 6.5 7.5 29.1 19.1 9.7 6.0 2.3 4.1 2.4
Other work type 7.0 5.3 8.2 9.4 4.7 3.7 6.4 5.3 5.0 9.3 3.9 7.4
Regular/Permanent/Longer contract 18.8 15.8 16.5 21.3 13.2 12.7 14.1 14.4 22.6 11.9 8.6 21.0
Managerial/Professional occupation 7.0 7.3 5.8 6.8 6.2 4.7 5.0 5.1 6.8 4.3 6.4 8.1

Source: Own construction using IHDS
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Table A2. Thed Esegressions, selected states

Rajasthan Uttar Pradesh West Bengal Orissa

Gini A(.5) A1) A(2) Gini A(.5) A1) A(2) Gini A(.5) A1) A(2) Gini A(.5) A1) A(2)
Other urban 0.078**  0.055***  0.085*** 0.106*** | 0.004 -0.003 -0.003 -0.007 0.052** 0.036** 0.054** 0.070** 0.146***  0.092***  0.146**  0.200***
Female 0.060**  0.040**  0.061**  0.065*** | 0.079**  0.050*** 0.094**  0.174%* 0.093*** 0.068*** 0.121**  0.241**  0.041** 0.018 0.036* 0.056**
Aged 25-34 -0.060**  -0.045** -0.061** -0.054** | -0.066*** -0.053*** -0.075**  -0.087** -0.073** -0.057** -0.079** -0.067* 0 -0.005 -0.002 0.023
Aged 35-44 -0.015 -0.018 -0.018 -0.002 -0.053**  -0.044** -0.060*** -0.065** -0.059** -0.053* -0.073*  -0.087**  -0.014 -0.016 -0.018 0.007
Aged 45-54 0.115**  0.072**  0.116**  0.148** | 0.035* 0.012 0.025 0.025 0 -0.011 -0.011 -0.008 0.055* 0.024 0.048* 0.083**
Aged 55+ 0.095**  0.062***  0.102***  0.146** | 0.103***  0.064*** 0.102%*  0.122*** 0.079* 0.045* 0.076** 0.092** 0.088***  0.050** 0.084**  0.116***
Married 0.025 0.017 0.024 0.026 0.029** 0.023** 0.031** 0.029 0.069*** 0.050*** 0.076***  0.107**  0.03 0.019 0.028 0.018
Forward/General caste (non-Brahmin) 0.078** 0.055* 0.082** 0.099** -0.051* -0.036* -0.049 -0.04 0.053 0.057* 0.066 0.043 -0.026 -0.001 -0.017 -0.045
Other Backward Caste (OBC) -0.005 -0.004 -0.007 -0.009 -0.077**  -0.052*** -0.073*  -0.056 0.064 0.058* 0.077 0.092 -0.135%*  -0.074**  -0.125*** -0.169***
Scheduled Caste (SC) -0.023 -0.016 -0.024 -0.028 -0.087**  -0.060*** -0.086*** -0.087* 0.057 0.053* 0.070* 0.079 -0.129**  -0.071**  -0.121*** -0.168***
Scheduled Tribe (ST) -0.02 -0.009 -0.022 -0.048 -0.066 -0.051* -0.066 -0.057 -0.003 0.016 0.004 -0.024 -0.067* -0.032 -0.06 -0.097*
Muslim -0.040* -0.025 -0.040* -0.052* | 0.003 0.001 0.009 0.04 0.001 -0.009 0.007 0.082** -0.259** -0.166**  -0.256***  -0.318***
1-4 years education 0.03 0.019 0.036 0.065** -0.013 -0.007 -0.018 -0.053 0.02 0.012 0.023 0.035 -0.002 -0.009 -0.009 -0.007
Primary education -0.016 -0.013 -0.015 -0.005 0.012 0.005 0.013 0.03 0.022 0.015 0.027 0.049 0.006 -0.004 -0.001 0.004
6-9 years education -0.01 -0.008 -0.008 0.005 0.006 -0.001 0.001 -0.004 0.026 0.02 0.03 0.046 -0.007 -0.013 -0.012 -0.008
Secondary education 0.01 0.003 0.012 0.036 0.012 0 0.004 -0.004 0.015 -0.002 0.011 0.041 0.024 0.013 0.02 0.017
Higher secondary education 0.120***  0.068** 0.124**  0.190** | 0.078***  0.041* 0.072**  0.093** 0.154%* 0.079* 0.148**  0.227***  -0.045 -0.058* -0.065 -0.062
Graduate 0.206**  0.119**  0.203**  0.266*** | 0.107**  0.042* 0.097**  0.199*** 0.258%** 0.153*** 0.256***  0.351**  0.456***  0.289***  0.448**  (0.529***
Some post-graduate 0.533**  0.376**  0.558**  0.635*** | 0.434**  (0.297*** 0.436***  0.489*** 0.845*** 0.577*** 0.871**  1.001**  0.189**  0.062 0.149%*  0.242%
Agrarian wage labor 0.032 0.017 0.036 0.063 0.060***  0.034** 0.047* 0.012 0.052* 0.035 0.047 0.022 0.067** 0.045** 0.065** 0.058*
Construction wage labor -0.036* -0.028* -0.034 -0.016 -0.012 -0.01 -0.017 -0.032 0.003 -0.003 0 0.008 0 0.002 -0.001 -0.018
Other non-agrarian wage labor -0.038* -0.028* -0.033 -0.004 0.029 0.011 0.026 0.060* 0.109*** 0.061** 0.122**  0.239**  0.003 -0.003 0.001 0.017
Salaried -0.096***  -0.081*** -0.105*** -0.089*** | 0.150***  0.077*** 0.132%*  0.167*** 0.184%** 0.109%** 0.188**  0.279** 0 -0.013 -0.012 -0.02
Housework 0.01 0.008 0.01 0.007 0.075**  0.040** 0.059** 0.043 0.038 0.021 0.038 0.056 0.093**  0.058** 0.093**  0.112***
Other work type -0.014 -0.02 -0.017 0.01 0.023 0.007 0.015 0.023 0.053 0.044 0.061* 0.080* -0.042 -0.045* -0.052 -0.034
Regular contract 0.247**  0.156**  0.254**  0.333** | 0.140**  0.081*** 0.153**  0.276*** 0.105*** 0.050** 0.090***  0.101** 0.317**  0.180**  0.308***  0.446***
Managerial/professional occupations 0.343**  0.254**  (0.364**  0.389** | 0.214**  0.155*** 0.222*%*  0.209*** 0.226*** 0.121%** 0.210**  0.262**  0.306*** 0.238**  0.326**  0.329***
Intercept 0.289**  0.072** 0.118**  0.189*** | 0.345**  0.126*** 0.195**  (0.292*** 0.154%** -0.016 -0.021 -0.011 0.328**  0.104**  0.168***  0.263***
1 0.293 0.231 0.275 0.307 0.237 0.202 0.222 0.157 0.221 0.144 0.190 0.198 0.289 0.221 0.265 0.300
N 6,802 6,802 6,802 6,802 7,630 7,630 7,630 7,630 5,820 5,820 5,820 5,820 5,364 5,364 5,364 5,364
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Table A2(cont.). Thed Esegressions, selected states

Chhattisgarh Madhya Pradesh Gujarat Maharashtra

Gini A(.5) A1) A(2) Gini A(.5) A1) A(2) Gini A(.5) A1) A(2) Gini A(.5) A1) A(2)
Other urban 0.083***  0.049** 0.076**  0.082** 0.074**  0.039*** 0.064**  0.096*** 0.022 0.01 0.023 0.036 0.018 0 0.025 0.088***
Female -0.014 -0.01 -0.013 -0.005 0.024 0.012 0.027* 0.051** 0.041* 0.029 0.046* 0.060* 0.090***  0.057**  0.092**  0.089***
Aged 25-34 -0.035 -0.028 -0.04 -0.054 -0.042*  -0.027* -0.038* -0.026 -0.067* -0.054* -0.069**  -0.044 -0.040* -0.033* -0.044* -0.034
Aged 35-44 -0.002 -0.004 -0.008 -0.033 -0.027 -0.024* -0.031 -0.022 0.005 0 0.015 0.076* 0.004 -0.005 0.005 0.03
Aged 45-54 0.110***  0.069***  0.102**  0.079* 0.077**  0.045%* 0.073**  0.106*** 0.079** 0.046* 0.086** 0.139**  0.112**  0.085**  0.128**  0.172**
Aged 55+ 0.133**  0.089**  0.134**  0.152** | 0.116***  0.070*** 0.112%*  0.149%** 0.064* 0.035 0.070* 0.135**  0.063** 0.039 0.067** 0.091%**
Married 0.044* 0.031* 0.048** 0.078* 0.040** 0.026** 0.036** 0.03 0.033 0.015 0.025 0.002 0.035* 0.023 0.040* 0.052**
Forward/General caste (non-Brahmin) -0.064 -0.034 -0.068 -0.111 0.05 0.026 0.049 0.079* -0.033 -0.003 -0.022 -0.029 -0.017 0.018 -0.007 -0.03
Other Backward Caste (OBC) -0.353**  -0.239*** -0.364** -0.432** | -0.004 -0.009 -0.003 0.022 -0.022 0.017 -0.012 -0.054 -0.007 0.02 0.005 0.004
Scheduled Caste (SC) -0.384**  -0.254**  -0.394** -0.494** | 0.019 0.006 0.023 0.073* -0.012 0.01 -0.001 0.007 -0.002 0.027 0.008 -0.022
Scheduled Tribe (ST) -0.323**  -0.219** -0.330*** -0.373** | 0.043 0.02 0.043 0.080* 0.099* 0.086* 0.113* 0.110* 0.015 0.036 0.024 -0.003
Muslim -0.036 -0.045 -0.051 -0.04 0.015 0.013 0.051* 0.226*** 0.038 0.03 0.043 0.053 -0.027 -0.02 -0.033 -0.059*
1-4 years education 0.027 0.017 0.03 0.058 0.031 0.019 0.031 0.049 0.03 0.019 0.028 0.015 0.015 0.012 0.014 0.002
Primary education 0.039 0.025 0.036 0.02 0.018 0.007 0.018 0.048* -0.006 -0.004 -0.008 -0.023 0.012 0.006 0.011 0.013
6-9 years education 0.034 0.019 0.028 0.015 0.016 0.002 0.013 0.039 0.069*** 0.052** 0.077**  0.091**  0.039* 0.03 0.044* 0.059**
Secondary education 0.088** 0.04 0.077* 0.130** -0.01 -0.018 -0.02 -0.02 0.061* 0.036 0.061* 0.067 0.033 0.018 0.036 0.062*
Higher secondary education 0.266***  0.182**  0.266**  0.278** | 0.094**  0.060*** 0.086**  0.091* 0.091** 0.060* 0.099** 0.140** 0.054* 0.026 0.058* 0.098***
Graduate 0.159**  0.090** 0.149**  0.203** | 0.088* 0.017 0.045 0.046 0.373%* 0.258*** 0.399**  0.498**  0.257**  0.177**  0.284**  0.371**
Some post-graduate 0.160** 0.053 0.119* 0.187* 0.269***  0.147** 0.223**  0.210*** 0.525%** 0.368*** 0.551**  0.605**  0.221**  0.147**  0.236**  0.285***
Agrarian wage labor 0.094***  0.055** 0.084**  0.080* 0.047* 0.021 0.036 0.033 0.015 0.011 0.017 0.028 0.008 0.006 0.007 0.003
Construction wage labor -0.013 -0.006 -0.017 -0.066 -0.007 -0.012 -0.017 -0.032 -0.024 -0.018 -0.024 -0.011 -0.049 -0.037 -0.047 -0.017
Other non-agrarian wage labor 0.071* 0.035* 0.058* 0.058 0.025 0.005 0.018 0.039 0.007 0.016 0.02 0.063 -0.011 -0.008 -0.008 0.014
Salaried 0.119**  0.055* 0.100** 0.140** 0.075** 0.036* 0.061* 0.085* -0.055 -0.048 -0.051 0.014 0.045 0.027 0.056* 0.120%**
Housework 0.086**  0.056** 0.077* 0.038 0.068***  0.037* 0.064** 0.094*** -0.022 -0.017 -0.025 -0.023 0.054* 0.038 0.057 0.062
Other work type 0.033 0.02 0.031 0.032 0.016 0.004 0.017 0.054 -0.061 -0.052 -0.063 -0.033 0.049 0.032 0.067* 0.169***
Regular contract 0.224**  0.144**  0.228**  0.297** | 0.112***  0.063*** 0.112%*  0.177*** 0.169*** 0.102*** 0.170***  0.209**  0.003 -0.038* -0.009 0.033
Managerial/professional occupations 0.460**  0.298**  0.451**  0.510** | 0.307**  0.198*** 0.306**  0.421*** 0.197*** 0.121%** 0.201**  0.239**  0.451**  0.359***  0.495**  (0.505***
Intercept 0.528**  0.251**  0.392**  0.551** | 0.213** 0.051* 0.069* 0.093* 0.305*** 0.061 0.122* 0.225**  0.267**  0.025 0.071 0.144*
1 0.293 0.238 0.266 0.226 0.120 0.085 0.105 0.103 0.109 0.063 0.094 0.107 0.137 0.078 0.125 0.178
N 4,818 4,818 4,818 4,818 8,654 8,654 8,654 8,654 4,896 4,896 4,896 4,896 8,344 8,344 8,344 8,344

20




Table A2(cont.). Thed Esegressions, selected states

Andhra Pradesh Karnataka Tamil Nadu

Gini A(.5) A1) A(2) Gini A(.5) A1) A(2) Gini A(.5) A1) A(2)
Other urban 0.051* 0.039** 0.053** 0.069** | 0.022 0 0.013 0.012 0.018 0.01 0.022 0.047*
Female 0.072**  0.044**  0.063***  0.050** 0.084**  0.051** 0.